Supervised Cla

A sufficient number of pixels for each surface class must be delineated in order

to ensure that a representative sample is obtained for each class.

The training areas for any one class should not be concentrated in one part of

the image but should encompass the entire scene. The histograms for training

areas should be unimodal and confirm to a normal distribution (Campbell 1996)

The training areas should be as separate and uniquely representative as possible,

otherwise a substantial Overlap between classes may occur and pixels will be

misc fied.

Some times it may not be possible to ensure that classes are discrete because

they may have similar reflectance characteristics in the bands that are being
fied. In such a situation it may be preferable to merge the training sites and

consider them as a single class.

It may be preferable to isolate an individual class and this is sin

assigning a value of zero to all other classes.

Only three bands were used in the example though in practice more bands are
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